2000 9 ENVIRONMENTAL SCIENCE Sep. , 2000

, ( s 100085)
(RTECS)1998 s 88
LDso N BP s
0.83~ 0.87, . s
QSAR
X174 A :0250-3301(2000)05-0089-05
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Abstract: Acute toxicity data of 88 aldehydes to rat LDso were collected from optical disk system of Registry of
Toxic Effects of Chem ical Substances (RTECS) developed by National Institute for Occupational Safety and
Health (NIOSH). Some m odels of artificial neural netw orks based on BP algorithm for relationships between
acute toxicity of aldehydes to rat LDso and their m olecular structure descriptors got from structural formula were
then built by genetic neural netw ork approach. The cross-validation correlation coefficient of these m odels were
0.83~ 0.87. Genetic neural netw ork was obtained by integrating genetic algorithm and neural netw orks. How a
genetic neural netw ork was constructed and how a QSAR m odel was built by using it was described in detail in
this paper.
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1 0.837 0.574 11 0.5 ABCFHIJMNP 0.0335 0.840 0.0257
2 0.767 0.690 16 0.5 ABCFHIJM NP 0.0337 0.839 0.0263
3 0.760 0.574 10 0.5 ABCFHIJLMNP 0.0274 0.870 0.0265
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4 EP-ANN

o n XRmsE? XR pXRm sEfy

4 0.822 0.636 11 0.25 ABCFHIJMNP 0.0351 0.831 0.0239

5 0.922 0.767 11 1.0 ABCFHIJINP 0.0391 0.812 0.0250

6 0.760 0.636 9 0.25 ABCFHIMNP 0.0318 0.849 0.0265

7 0.984 0.333 11 1.0 ABCFHNP 0.0312 0.851 0.0266

8 0.884 0.651 11 0.25 ABCFHIMN 0.0353 0.831 0.0272

9 0.930 0.654 11 0.25 ABCFHIJLMNP 0.0335 0.843 0.0273
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